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import numpy as np

class Perceptron(object):
"""Implements a perceptron network"""
def __init__ (self, input_size):
self.W = np.zeros(input_size + 1)

aAauUvTh wNnR

L1l ol (dblB Golun b 58,5 63955 1S Silwesly 1y 355 (S5ludlad wb b e

Sl dalg S8 1,0 0 go ol b sl F ey

1||/def activation_fn(self, x):
2 return 1 if x >= 0 else ©
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def predict(self, x):
X = np.insert(x, 0, 1)
z = self.W.T.dot(x)
a = self.activation_fn(z)
return a
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def __init_ (self, input_size, 1lr=1, epochs=10):
self.W = np.zeros(input_size+1)
# add one for bias
self.epochs = epochs
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self.1lr = 1r
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1||def fit(self, X, d):

2 for _ in range(self.epochs):

3 for i in range(d.shape[0]):

4 y = self.predict(X[i])

5 e =d[i] -y

6 self.W = self.W + self.1lr * e * np.insert(X[i], @, 1)
Wl okl 25 53 O3 ey 0 by o WIS JalS7 ST

1 ||class Perceptron(object):

2 """Implements a perceptron network"""

3 def __init__ (self, input_size, lr=1, epochs=100):

4 self.W = np.zeros(input_size+1)

5 # add one for bias

6 self.epochs = epochs

7 self.1lr = 1r

8

9 def activation_fn(self, x):

10 #return (x >= 0).astype(np.float32)

11 return 1 if x >= 0 else @

12

13|| def predict(self, x):

14 z = self.W.T.dot(x)

15 a = self.activation_fn(z)

16 return a

17

18|| def fit(self, X, d):

19 for _ in range(self.epochs):

20 for i in range(d.shape[0]):

21 x = np.insert(X[i], 0, 1)

22 y = self.predict(x)

23 e = d[i] - vy

24 self.W = self.W + self.1lr * e * x
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if _name__ == '_main__"':
X = np.array([
[e, @],
[e, 11,
[1, e],
[1, 1]
D)
d = np.array([0, 0, 0, 1])

perceptron = Perceptron(input_size=2)
perceptron.fit(X, d)
print(perceptron.W)
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